Elicitation and analysis of a robust word misperception corpus in Spanish
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Homonyms Simple Vowel Simple Consonant Non-Simple
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which properties of the target and masker
combination lead to the misperception.
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SPEECH-NOISE INTERACTIONS: HOW MUCH OF MASKER APPEARS IN CONFUSION?
I1. Override

SSN: Speech-shaped noise

BMN1: Speech modulated noise
BMN3: 3-talker babble mod. noise
BAB4: 4-talker babble

BABS: 8-talker babble

Category I. Reinterpretation
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Adaptive techniques which prune tokens that
are unlikely to lead to consistent confu-
sions yielded a 2.6-fold increase in interest- sof
ing confusion discovery rate over earlier non-
adaptive techniques [5, 6].
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173 young adults (monolingual in Spanish or
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